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Abstract

The objective of this research was to analyze the questions used in knee osteoarthritis assessment of aging persons
using the data mining technique. For personal health records, a good selection of questions is crucial in the accurate
screening and prediction of the incidence of osteoarthritis. Furthermore, health promotion can be better planned for
senior citizens. The data were from the osteoarthritis assessed reports in 370 personal health records from Ban Han
Sub-district Health Promoting Hospital, Thasala District, Nakhon Si Thammarat Province. In the data mining process,
data were classified into 10-fold cross validation. Four feature extraction methods, namely 1) Double Input Symmetrical
(DISR) 2) Joint Mutual Information (JMI) 3) Conditional Mutual Info Maximisation (CMIM) 4) Max-Relevance
Min-Redundancy (MRMR), were compared to determine the most suitable methods for this set of data. In addition,
classification by multiclass boosting algorithms (AdaboostM2) was employed in conjunction with the decision tree.
The results indicated that the DISR method gave rise to the best accuracy of 87.32 % and 7 out of 14 questions were

highly significant in the prediction of the incidence of knee osteoarthritis.
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Table 4 Accuracy and Running Time of 4 approaches
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Figure 2 Accuracy result of number of features in each approach
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