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Abstract
This study aims at classifying forest fire risk in Tad Tone National Park, Na Fai sub-district, Mueang District,
Chaiyaphum Province by using object-based image analysis. There were 5 factors used in the analytical process,
namely (1) Normalized vegetation index (NDVI), (2) Heat indicators derived from Thermal infrared band, (3) the
distance of transportation network, (4) slope, and (5) Green vegetation index (GVI) derived from Landsat 8 OLI
imagery. Each category was correlated and compared with existing forest fire collected from field surveying for creating
the classification rule set. The results indicated that the low risk area was 137.07 sq. km (60.28%).The moderate risk
of fire showed the area of 65.41 sq. Km (28.81%). The high risk fire showed the area of 24.78 sq. Km or 10.91 percent

covered by forest, mostly deciduous forest dispersed from north-south and east of the study area.
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Figure 1 Study area
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Table 1 Features and criterionselection for forest fire risk zone analysis
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