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Abstract

This research aimed to.- 1) develop applications by applying geographic information systems to find suitable routes
for tourist community attractions in Hua Hin, 2) to evaluate users’ satisfaction with application development through
the geographic application information system by developing the applications on the Android operating system (Android)
and using the ArcGIS Online web application with AppStudio for ArcGIS. The application development analytics were
analyzed with a survey of the satisfaction of 400 people and the results sshown in the form of basic statistics. The
study found that.- 1) the application of geographic information systems to find suitable routes for community attractions
in Hua Hin can be implemented to an extent, 2) the results of questionnaire evaluation revealed that the Android
system has the highest rating in terms of usage, with an average of 4.65 which was in the very good quality level.
The average design score of 4.57 was in a very good level. The results of the questionnaire evaluation on application
development of geographic information systems to find the right path for community attractions in Hua Hin can be used

as a guideline to apply to the development for other types of tourism 100%.

Keywords: Geographic Information Systems, Tourist attraction, Android operating system
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Figure 4 File format .TXT
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Abstract

In this paper, we propose a local descriptors approach to classify pornographic images. Two local descriptors
including the scale-invariant feature transform (SIFT) and the histogram of oriented gradients (HOG) are computed
feature vectors from pornographic images. The extracted features are supplied to the K-Nearest Neighbor Algorithm
and Support Vector Machine for pornographic image classification. We have evaluated all different methods on the
TI-UNRAM dataset. The results show that the HOG and the SIFT combined with the SVM significantly outperform the
other methods, including KNN algorithm and image processing technique. Thus, the local descriptors approach can
be combined with the SVM for pornographic image classification in order to obtain the effective classification

performance.

Keywords: Ponographic Image, Image Classification, k-Nearest Neighbors Algorithm, Support Vector Machine, Local

Descriptor
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Figure 5 The positive examples of non-human image

from the TI-UNRAM dataset.
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