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Abstract

The Songkhla lake basin is an area where flooding causes damage to people and properties. In this study, the factors
affecting flooding were analyzed. All factors were considered in areas that had experienced past flooding between
2007 and 2014 using a decision tree model. The study provided evidence that the factors influencing flooding comprised
1) land use and land cover, 2) surface drainage, 3) altitude, and 4) stream network density. The evaluation efficiency
of the model was addressed. The outcomes could be divided into 6 categories: correct classification instances,
incorrect classification instances, precision, recall, F-measure and receiver operating characteristics (ROC) curve were
95.21%, 4.79%, 0.896, 0.813, 0.853 and 0.895 respectively.
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